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d Introduction

Skin sensitisation is a toxicity endpoint which is relevant for many industries that use or produce chemicals, such as cosmetics, industrial chemicals, and pharmaceutical impurities including extractables and leachables (E&LS). It is important to evaluate the sensitisation potential of chemicals accurately,

Including an assessment of potency. A key step when interpreting both data and predictions is to perform expert review, as this will increase confidence in the assessment and provide additional support when resolving conflicting or inconclusive pieces of evidence. This study sought to highlight some of

the key principles of such an expert review and to capture these in best practice, to help accessors to apply methods and reasoning in a consistent manner which can help with regulatory acceptance. A step wise systematic approach was adopted to assess the sensitisation hazard and potency of the

compounds by applying expert review to both data and predictions.
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